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Abstract: As a new trend in the development of artificial intelligence (Al), the revolutionary impact of large models (LMs) on scientific
research paradigms, production methods, and industrial models cannot be underestimated. Investing in LM research is an inevitable choice.
In the field of geographic artificial intelligence (GeoAl), there is still a long way to go between the scientific design and practical application
of LMs. This article adheres to the principle of deconstructing complex land surface systems and solving precise land parameters. It
proposes to carry out land spatial object-oriented modeling supported by multi-source and multimodal observation data. On this basis, we
outline the land spatial parameter system and the solution framework via the integration of five-land-parameters from land use, land cover
phcatlon Furthermore, an intelligent computing remote sensing LM i 1 d

change, land soil, land resource, land & ed for large-scale

parameter solving via mtegratﬁ@
experiment is conducte solution of land use parameters in agricultural production spac 1

core systems, namely symbol system, perception system, and C ntr A preliminary
The practice

showed that the pﬂ ramework has great potential in improving the accuracy of large- afe 1 ul d space. The

propose | $elps to serve the intelligent customization of refined land 1nformat10n‘B§E?

spawF Ily, prospects for LM research on land spatial parameter calculation are presented fr K}’&r pectives of model adaptability/

robustness, and interpretability/credibility of results. 0

Key words: large model, geospatial artificial intelligence (GeoAl), land spatial obje@%ﬁ@‘ted modeling, land parameter solving, attention

mechanism, deep learning network, agricultural production space
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